Encoder-Decoder approaches for Machine Translation

Transformers as pure LMs: improving the past context
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Also: relax causality, recompute past representations after each new word
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Encoder-Decoder approaches for Machine Translation

Faster, Better Encoder-Decoder + Attention : Transformer
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In the decoder: cross-attention with respect to the last encoder layer

M. Evrard, C. Guinaudeau, F. Yvon (LISN) Transformers in HLT 2020-2021 12/30



